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Abstract

The purpose of this study is to develop a
computer model combined with grey relation and two
set of neural network to analyze and integrate well
logging data to obtain formation parameters around
the well. To gain a specific formation parameter, the
kinds of well logs which are suitable as input of neural
network will be chosen with the help of grey relation.
The neural network we have built can be used to
integrate and analyze the different kinds of well
logging data to obtain the formation parameters in
particular depth.
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